
© 2025 IJRTI | Volume 10, Issue 4 April 2025 | ISSN: 2456-3315 

IJRTI2504072 International Journal for Research Trends and Innovation (www.ijrti.org) a528 
 

Impact Study on Agentic AI: Strategic Adoption in 

Banking and Insurance (BFSI) and Oracle ERP 

Agent AI trends. 
Author : 

Dr. Rajadurai Narayanamurthy, DBA, Swiss School of Business Management, Geneva, 

Currently pursuing “Post Doc Research Fellow from ( Kyushu Institute of Technology, Japan) 

drnrajadurai@gmail.com 

Co Authors : 

Prof. Kazuaki Tanaka, Kyushu Institute of Technology, Japan , kazuaki@ics.kyutech.ac.jp 

Prof. Krishnamoorthy R, CIT Chennai, India , krishnamoorthyr@citchennai.net 

Prof. R. Thiagarajan, Prathyusha Engineering College, India, rthiyagarajantpt@gmail.com 

 

Introduction 

Agentic Artificial Intelligence (Agentic AI) represents a new frontier in AI development, characterized by systems 

capable of autonomous goal-setting, proactive decision-making, and adaptive learning. In the context of Banking, 

Financial Services, and Insurance (BFSI), Agentic AI introduces the potential for dynamic risk assessment, 

automated compliance monitoring, and customer engagement strategies that evolve in real-time. Unlike traditional 

or even generative AI systems, Agentic AI is distinguished by its ability to act independently within defined 

parameters, simulating human-like initiative and foresight (Dwivedi et al., 2023; Guntumadugu, 2025). 

 

BFSI institutions, while rich in structured and unstructured data, face operational and ethical constraints that 

demand precision, compliance, and trust. Agentic AI systems, if responsibly integrated, could augment core banking 

functions, insurance underwriting, claims automation, and fraud mitigation, thereby offering a leap toward self-

regulating, intelligent financial ecosystems (McKinsey & Company, 2023). However, the challenges of regulatory 

adherence, transparency, legacy architecture, and institutional conservatism necessitate a robust strategic approach 

to adoption (Deloitte, 2024). 

 

Key  focus and pain areas on  BFSI organizations face unique challenges when adopting Agentic AI: 

Legacy Infrastructure: Existing core systems often lack the modularity and real-time capability needed for agentic 

interaction (Brynjolfsson and McAfee, 2017). 

Regulatory Risk: Highly autonomous AI agents complicate compliance with data privacy, anti-money laundering 

(AML), and consumer protection laws (Reznikov, 2024). 

Autonomy vs. Control: The independence of Agentic AI raises concerns around liability, governance, and 

auditability in high-stakes decisions (Shrestha et al., 2019). 
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Ethical and Social Trust: Customers and regulators must trust AI-driven decisions, especially in credit scoring, 

claims adjudication, and investment advice (Westover, 2024). 

 

Skills Gap: Financial professionals need new competencies to supervise, interpret, and collaborate with Agentic AI 

systems (Mutanga et al., 2024). 

 

3. Need and key Objectives and Need of options: 

Objectives: 

 To identify key enablers and constraints for Agentic AI in BFSI. 

 To explore leadership and regulatory frameworks supporting autonomous AI. 

 To distinguish Agentic AI use cases across banking and insurance. 

 To formulate a strategy for responsible Agentic AI integration. 

Study focus : 

 What technological and regulatory conditions influence Agentic AI deployment in BFSI? 

 How can Agentic AI support adaptive, autonomous decision-making? 

 What governance models can ensure accountability in agentic systems? 

 How do banking and insurance sectors differ in readiness and application of Agentic AI? 

 

4.  Deep dive Study and  Review Plan: 

The Study review will explore: 

Agentic AI in Banking: Autonomous financial advisory, AML pattern identification, and regulatory alerting systems 

(JPMorgan Chase, 2023). 

Agentic AI in Insurance: Smart contracts, real-time claims settlement, and dynamic underwriting (Allstate, 2023). 

Governance Models: Ethical AI control mechanisms, hybrid oversight models, and AI decision traceability (Iansiti 

and Lakhani, 2020). 

Workforce Alignment: Organizational change, skill evolution, and trust frameworks (Mutanga et al., 2024). 

Cloud ERP Integration: Emerging views from Gartner, IDC, and Forrester emphasize the critical role of cloud-

native ERP platforms in operationalizing AI, especially Agentic AI, in highly regulated environments such as BFSI. 

Oracle Cloud ERP is increasingly being recognized as a foundational enabler for intelligent automation and decision 

augmentation. 

 According to Gartner (2024), Oracle's integrated AI capabilities, including embedded machine learning and digital 

assistants, allow BFSI institutions to automate core finance, risk, and operations workflows with contextual 

intelligence. IDC (2024) notes that Oracle’s AI-powered ERP modules are helping banks and insurers transition 

from static analytics to adaptive intelligence, enabling real-time adjustments in financial planning, cash flow 

forecasting, and risk mitigation. 

Forrester (2024) further highlights that Oracle Cloud ERP, when integrated with OCI (Oracle Cloud Infrastructure) 

and Oracle Fusion Analytics, creates a “resilient and responsive decision backbone” for organizations looking to 
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deploy Agentic AI. These analyst insights validate that cloud-based ERP systems are not only critical to AI-

readiness but also to ensuring model governance, data lineage, and regulatory compliance across the enterprise. 

5. Oracle Agentic AI Use Cases in BFSI 

Oracle has been at the forefront of embedding Agentic AI into its cloud ecosystem to support financial institutions 

in accelerating decision-making, compliance, and personalization. Key use cases include: 

Autonomous Finance Agents: In banking, Oracle’s Agentic AI modules enable autonomous agents to reconcile 

transactions, detect anomalies, and recommend corrective actions without human initiation. These agents improve 

audit accuracy and reduce the time to close financial books. 

Insurance Claims Orchestration: Oracle Agentic AI automates claims triage by assigning priority scores, initiating 

fraud detection workflows, and routing cases dynamically based on real-time policy and historical insights. 

Procurement and Spend Optimization: Within BFSI operations, Oracle agents dynamically renegotiate vendor 

contracts or flag risk-prone suppliers, improving procurement governance and ESG compliance. 

Customer Experience Agents: In digital banking, AI agents personalize interactions based on behavioral analysis, 

financial history, and predictive intent modeling. These capabilities drive proactive offers, improve Net Promoter 

Scores (NPS), and reduce churn. 

Regulatory Intelligence: Oracle Agentic AI continuously monitors changing regulations and maps them to internal 

policies using NLP agents, ensuring proactive compliance and reducing penalties from lapses in statutory filings. 

 

Significance: These use cases demonstrate how Agentic AI, operationalized through Oracle’s cloud-native ERP and 

data platforms, transforms BFSI institutions from process-centric to outcome-driven enterprises. The integration of 

Agentic AI with Oracle’s ecosystem enables proactive financial governance, enhanced customer engagement, and 

predictive compliance—key differentiators in a competitive, regulated environment. 

 

6. Study Approach and Methodology 

Using a mixed-methods approach: 

 Case Studies: BFSI firms like JPMorgan Chase, Goldman Sachs, AXA, and Allstate (Simaremare and 

Edison, 2024) 

 Expert Interviews: CTOs, AI Ethics Officers, and Risk Managers. 

 Surveys: Assessing readiness, strategic intent, and implementation barriers. 

 Data analysis will combine qualitative coding and correlation mapping to design a deployment framework. 

7. Significance of the Study and outcome: 

This study will provide: 

 A BFSI-specific roadmap for Agentic AI integration. 

 Comparative insight into adoption across sub-sectors. 

 Governance strategies for safe, scalable, and value-aligned Agentic AI (Deloitte, 2024). 

 Cloud ERP integration best practices using Oracle technologies. 

 Workforce transition models to foster collaboration with autonomous systems (Vujović, 2024). 
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8. Conclusion 

Agentic AI holds transformative potential in BFSI, moving beyond automation and generative outputs into self-

directed, proactive intelligence. Cloud-based enterprise systems like Oracle Cloud ERP offer the architectural 

foundation to operationalize these capabilities securely and at scale. The success of this shift relies on strategic 

foresight, regulatory compatibility, ethical design, and organizational readiness. This study proposes an adoption 

blueprint that aligns Agentic AI with the fiduciary, operational, and societal responsibilities unique to banking and 

insurance. 
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